a. Generating sSynthetic Datasets
Across all Different Demographic Groups
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b. Stable lefusmn Model (SDM)
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Contribution 3: A Clinical Text-to-Image Fair Generation Dataset FairGenMed

FairGenMed
Original SLO Fundus Images inclusive
Annotations using lext Prompts

Clinical Features

Glaucoma - Near Vision Refraction Stage
RNFLT Status - MD Severity - CDR Status

Demographic Attributes
Gender - Race - Ethnicity
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